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Abstract
Background: Many cancers arise from mutations in cells within epithelial tissues. Mutations manifesting at the
subcellular level influence the structure and function of the tissue resulting in cancer. Previous work has proposed
how cell level properties can lead to mutant cell invasion, but has not incorporated detailed subcellular modelling
Results: We present a framework that allows the straightforward integration and simulation of SBML representations
of subcellular dynamics within multiscale models of epithelial tissues. This allows us to investigate the effect of
mutations in subcellular pathways on the migration of cells within the colorectal crypt. Using multiple models we find
that mutations in APC, a key component in the Wnt signalling pathway, can bias neutral drift and can also cause
downward invasion of mutant cells in the crypt.
Conclusions: Our framework allows us to investigate how subcellular mutations, i.e. knockouts and knockdowns,
affect cell-level properties and the resultant migration of cells within epithelial tissues. In the context of the colorectal
crypt, we see that mutations in APC can lead directly to mutant cell invasion.
Keywords: Colorectal cancer, Crypt, Multicellular modelling, SBML, Chaste

Background
Colorectal cancer (CRC) is one of the most common
forms of cancer and a leading cause of cancer death in the
western world [1]. CRC’s initiation has been attributed to
a loss of control over the proliferation and migration of
colon crypt cells [2, 3] with cell proliferation and crypt
production processes playing crucial roles in the growth
of colorectal adenomas and hyperplastic polyps [4]. The
Wnt signalling pathway has been linked to intestinal crypt
formation, cell proliferation [5–7] and the regulation of
cell-cell adhesion in crypts [8, 9]. With 90% of CRCs having mutations in key components of the Wnt pathway, i.e.
adenomatous polyposis coli (APC) or β-catenin (β-cat)
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[10], it is inevitable that this pathway attracts considerable attention. Oddly, the importance of cell-cell adhesion’s association with β-cat has often being overlooked,
particularly as E-cadherin (E-cad) has several critical
functions, including facilitating the normal homeostasis
and morphogenesis of the intestine [11, 12], serving as
a tumor suppressor gene [13] and preventing invasiveness in carcinomas cells [14]. Currently, neither the roles
of Wnt signalling and cell-cell adhesion in the colon nor
the links between the underlying APC, β-catenin and Ecadherin biochemistry and adenoma formation are well
understood.
The Wnt/β-catenin pathway has been commonly
known to regulate the multi-functional protein βcatenin’s concentration within the cell [15, 16]. In the
absence of Wnt signaling, β-catenin forms a complex
with the scaffold proteins Axin and APC to form a complex known as the degradation complex [17, 18]. This
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degradation complex facilitates the phosphorylation of βcatenin by glycogen synthase kinase-3-β (GSK3β) [19],
which targets phosphorylated β-catenin for degradation
via the proteasome pathway [20]. Wnt ligands activates
the Wnt pathway bringing about the disruption of the
degradation complex and consequently reduction in βcatenin degradation within the cytosol [19, 21, 22]. The
subsequent increase in β-catenin concentrations lead to
the formation of a downstream complex β-catenin: TCell Factor complex (TCF, a transcription co-factor) in the
nucleus. The β-catenin-TCF complex formation activates
gene transcriptional activities promoting cellular functions like cell proliferation, survival and cell fate decisions
[23–25]. Another major function of β-catenin is in cellcell adhesion, with the Cadherin family proteins serving
as key adhesion partners of β-catenin in the cell-cell adhesion processes [26, 27]. These interactions will influence
the distribution of β-catenin within the cell. Mutation in
the tumor suppressor gene APC accounts for most CRC
cases. As a key scaffolding protein of the degradation complex, its mutation causes an inability to form the complex
and subsequently leads to the stabilization of β-catenin in
the cell. This leads to downstream gene transcription and
consequently affects cell-adhesion and migration [28].
Multicellular simulations of the crypt

The crypt has been the focus of numerous multicellular
modelling studies, many of which have been discussed
in literature reviews such as Kershaw et al. [29]. The
work most relevant to this study is by Van Leeuwen et
al. [30], who incorporate a Wnt-dependent subcellular
model within the off-lattice, cell-centre model for tissue
mechanics by Meineke et al. [31]. Wnt signalling is modelled to affect both proliferative capacity and adhesion, as
based on previous work by the authors [32]. The framework is used to investigate clonal expansion of cell lineages
and the effect of Wnt signalling on spatial variation in
nuclear β-catenin concentrations. We will now discuss the
features of this work that are pertinent to our study.
In Van Leeuwen et al. [30], the crypt is modelled as
a rolled-out cylinder in 2D. This geometry has become
a popular candidate for modelling the crypt, though
other geometries have been considered [33–36]. Spatial
connectivity and mechanics are described using an offlattice, cell-centre model. Each cell is defined by position
of its centre, enclosed by its Voronoi region. Cell-cell
connectivity is determined through a Delaunay triangulation. Alternatively, a vertex-based model defines a cell
as a collection of the vertices enclosing the cell area (in
2D). In Osborne et al. [37], a cell-centre and vertexbased model of the crypt is compared with a continuum
description to investigate the propagation of mutations.
More recently, in Osborne et al. [38] the cell-centre
model and vertex-based model are studied in conjunction
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with other multicellular implementations: the cellular
automata, as used in Loeffler et al. [39]; the Cellular Potts
model, as considered in Osborne [40]; and the overlapping spheres model, which has been employed by Buske
et al. [34]. In particular, for a case study concerning the
colonic crypt, measurements for cell migration velocities
are obtained for each implementation. These measurements will be used parametrise the subcellular models in
later sections.
One notable aspect of the Van Leeuwen et al. study is the
regulation of both proliferative capacity and cell adhesion
by Wnt signalling. This two-fold influence is particularly
important in the context of monoclonal conversion in the
crypt; that is, the takeover of the crypt cell population
by a single stem cell lineage, referred to as a clone. This
phenomenon is implicated in the initiation of colorectal
cancer, for any mutated cell must be able to persist long
enough in the crypt to effect significant changes [41]. In
Mirams et al. [42], an exhaustive computational study on
the effect of proliferation and adhesion on monoclonal
conversion in the crypt is performed. A telling result is
that excessive proliferative capacity alone is insufficient
for clonal dominance by a single mutant cell, and must
coupled with an increase in cell adhesion in order to have
a non-zero probability of clonal takeover occurring. This
motivates the importance of being able to model both biochemical and biomechanical changes through subcellular
pathway frameworks.
Van Leeuwen et al. [32] were the first to model the
effect of Wnt signalling within a multicellular model of
the crypt. The Wnt signalling pathway is perhaps the most
important pathway present in the crypt, responsible for
processes such as proliferation, adhesion, differentiation,
and more [43]. It acts primarily to regulate the production and degradation of β-catenin within cells. Moreover,
its disruption and hence misregulation of beta-catenin has
been demonstrated to be crucial to colorectal cancer progression [44]. Consequently, there has significant mathematical modelling efforts to understand the Wnt pathway.
A review of the features of key mathematical models,
including the model used in Van Leeuwen et al. [30], can
be found in Maclean et al. [45]. One model that we use
in this study for its simplicity, which is not discussed in
Maclean et al. that of Tan et al. [46]. In Tan et al., the
authors derive a minimal model of the binding and shuttling of β-catenin between cellular compartments, using
experimental data obtained by stimulating colon and kidney epithelial cells with Wnt and observing β-catenin
concentration levels. We note that we do not consider
more detailed subcellular models that model crosstalk
between Wnt and other pathways, such as Notch, as in
Kay et al. [47], and only focus on Wnt and its role in
regulating β-catenin. Such models would form part of a
future study.
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SBML

The Systems Biology Markup Language (SBML) [48] is the
most commonly used standard for representing biochemical reactions, or gene-regulatory networks, and databases
like BioModels [49] provide a huge variety of subcellular
models for download. Specifically models for the Tan
et al. [46] and Van Leeuwen et al. [30] are available in
SBML (See Supplementary Files 1 and 2 respectively).
SBML allows the specification of reactions independently
of the method used to simulate them and allows differing
simulation methods and tools to be compared.
Overview

In this study we integrate subcellular reaction network
models encoded in SBML, such as those of Van Leeuwen
et al. [32] and Tan et al. [46], into multiscale models of
crypts in the open source Chaste framework [30, 37]. By
simulating these multiscale models, we can analyse how
subcellular processes affect the mechanics and stability of
the crypt as a whole. This is especially interesting when
the subcellular processes in one cell (or a few single cells)
undergo mutations which, through the multicellular coupling, enhance or inhibit cell growth, differentiation, and
migration.
The remainder of this paper is structures as follows. In
the “Results” section, we first present simple extensions
to the subcellular Wnt pathway models of Van Leeuwen
et al. [32] and Tan et al. [46] to include APC knockdown
mutations. We then present the multiscale coupling used
to develop a true multiscale model of the crypt. Finally this
multiscale model is use to investigate the efficacy of cells
with the mutant knockdown (referred to as mutant cells)
to both invade and take over an otherwise healthy crypt.
In the “Discussion” section we discuss how our results
demonstrate how simple knockdowns in subcellular models can lead to invasive mutant cells and present avenues
for future work. Full details of the multiple mathematical
model components and the computational infrastructure
used in this study (including the released open-source
code) are given in the “Methods” section.

Results
In this section we first present a multiscale model for a
crypt, where subcellular reaction networks (represented
in SBML) are incorporated into every crypt cell. We
introduce mutation parameters and analyse the effect
of mutations of cells on the mechanics of the crypt.
Finally, we discuss the particular subcellular conditions
necessary to generate persistence of mutant cells in the
crypt.
A multiscale model for mutant cells in the crypt

In order to analyse the effect of mutations in individual
crypt cells to the biomechanics of a crypt as a whole, we
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developed a coupled multiscale model of a crypt, in a similar fashion to Van Leeuwen et al. [30] and Osborne et al.
[37]. A schematic of model coupling is shown in Fig. 1 and
is detailed below.
Crypt model

Following [37] we represent the crypt as a cylinder, 20 cell
diameters (1 cell diameter is 10μm) long and 10 cell diameters in circumference, for convenience we represent this
as an unfolded rectangular surface with periodic boundary conditions on the left and right. To represent the base
of the crypt we impose a solid boundary there, and to represent sloughing into the lumen all cells that reach the top
of the crypt are removed. specifically, once the vertical
location of a cell reaches 20 cell diameters it is removed
from the simulation. We impose a linear gradient of the
signalling factor Wnt, which decreases linearly from 1 at
the crypt base to 0 at the top. Cells are represented by
their centres which are points free to move in the rectangular domain. Cell connectivity is defined by the delaunay
triangulation of the cell centres. Cells move due to forces
exerted by neighbouring cells and we consider motion to
be over damped [50]. Therefore the equation of motion of
each cell, ri , are given by [31],

dri
= Fi (t) =
Fij (t),
(1)
ηi
dt
j∈Ni (t)

where the force between connected cells is given by


Fij (t) = μij r̂ij (t) ||rij (t)|| − sij (t) ,

(2)

where ηi , μij are the drag coefficient of cell i and the spring
constant between cells i and j respectively, rij (t) = rj (t) −
ri (t), and r̂ij (t) = rij (t)/||rij (t)||.
We consider two types of cells, proliferative and nonproliferative (or differentiated). Following [37], proliferative cells have a cell cycle duration draw from a Truncated
Normal N(12, 1) distribution comprised of the following
phases: M phase (1 h); G1 phase (N(2, 1) truncated so
positive); S phase (5 h); and G2 phase (4 h). On completion of the cell cycle the cell divides creating two daughter
cells which are placed at a distance of 0.1 cell diameters
apart, about the parent cell, in a randomly chosen direction. We note that the resting spring length between the
two daughter cells increases linearly with time until the
cells are mature (end of M phase), so as to allow proper
relaxation of the tissue.
Model of the wnt pathway

In recent years various models of subcellular reactions
(in particular the canonical Wnt Pathway) in the crypt
cells have been presented [45]. In this study we select two
models. The model developed by Van Leeuwen et al. in
2007 [32] (referred to as the VL model), and the model
presented by Tan et al. in 2014 [46] (referred to as the
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Fig. 1 Schematic of the Model. The crypt model comprises a biomechanical model (the voronoi tessellation model found in Chaste) and a suitable
biochemical model specified in SBML. The biochemical model specifies adhesion and cell proliferation in the biomechanical model which leads to
cell movement in the crypt model. Cell phenotype (mutation level) and Wnt concentration are provided to the biochemical model by the
biomechanical and crypt models respectively. SBML logo reproduced with permission from http://www.sbml.org

Tan model). Both models consider the degradation of
β-catenin in the absence of Wnt and its dual role in
cadherin-mediated cell adhesion and nuclear transcription. Loosely speaking, in both models, high concentrations of Wnt lead to high levels of nuclear β-catenin (i.e.
NN in the Tan model and CT in the VL model) and cells
progress through the cell cycle. Conversely, in both models, under low concentrations of Wnt cells differentiate. In
each model we introduce a mutation parameters γ , which
causes a knockdown to an appropriate reaction in each
mode to represent APC disfunction (note γ = 1 represents healthy APC and γ < 1 represents disfunction).
Both models are illustrated in Fig. 2 and full model details
are given in the “Methods” section.

give rise to more transcription complexes, which makes it
easier to pass the complex proliferative threshold, leading
to an increase in proliferation in the crypt. We chose proliferative thresholds so that, at steady state, healthy (γ =
1) cells with a Wnt-level higher than 0.75 will proliferate, this corresponds to thresholds of CT = 11.667 and
NN = 739.949 for the VL and Tan models respectively.
Since the number of bound adhesion complexes affects
the ability of a cell to attach itself to neighbouring cells, we
describe the drag experienced by each cell in the crypt as
a function of the number of bound adhesion complexes.
We calculate the drag of each cell to be between 1 and 20,
and we require that if the cell is not mutated (i.e. γ = 1),
the drag of the cell is 1.
For both models, we define the drag of each cell i to be

Multiscale coupling

To describe the effect of transcription complexes on cell
division, in a similar way to [30], we incorporate a division
threshold into the multiscale model, called the complex
proliferative threshold. At each time step during a simulation, we check whether the amount of transcription
complexes is above the complex proliferative threshold for
every cell (i.e. NN in the Tan model and CT in the VL
model, see “Methods” section for full details). If that is
the case, the cell is classified as a proliferative cell which
is able to move through the cell cycle. If it is not, the
cell is becomes and stays differentiated for the remainder
of the simulation. For both models, we choose the complex proliferative threshold such that in steady state (not
mutated), the maximum height of the proliferative cells
is approximately a quarter of the total crypt height. In
the “Methods” section (Fig. 8), we can see that mutations


ηi = max

AX − αX
,1
βX


,

(3)

where αX and βX are parameters to control the effect
of adhesion complex, AX , on drag for each model,
for X = VL and Tan. For the VL model the adhesion complex is given by AVL = CA and for the Tan model ATan =
NC . For each model we fit αX and βX so that ηi = 1
for (W , γ ) = (1, 1) and ηi = 20 for (W , γ ) = (1, 0), (for
the subcellular model at equilibrium) these parameters are
given in Table 1.
These drag functions are plotted in Fig. 3 for varying
γ . We can see that for both models, when the mutation
parameter is lower, the drag is higher, and when Wnt is
lower, the drag is lower.
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Fig. 2 Subcellular model schematics. a) Schematic representation of the VL model, which describes the dynamics of active destruction complexes
(D), axin molecules (X), adhesion molecules (A), transcription molecules (T), Wnt target proteins (Y) and six pools of β-catenin (Ci , i = A, c, cT , o, oT
and u). Reproduced with permission from [32]. b) Schematic representation of the Tan model which describes the dynamics of free and bound
β-catenin in the cytosol-membrane (BC ,NC ) and nucleus (BN ,NN ), and free ligands in the cytosol-membrane (LC ) and nucleus (LN ). Reproduced with
permission from [46]

Mutations cause overcrowding in homogeneous crypts by
enlarging the proliferative compartment and increasing
adhesion.

In order to see how changing γ influences the structure
of the crypts we run 100 sets of simulations with VL and
Tan subcellular reaction networks using both a uniform
drag (all cells have a drag η = 1) and a adhesion complex dependent drag as given in Eq. (3). Initially we run the
model until the crypt has reached dynamic equilibrium
(the subcellular models have reached a steady state and
the number of proliferating cells remains approximately
the same), here t = 500h. Then we mutate all cells uniformly by changing the parameter γ . Once all cells have
been mutated we track the number of cells in the crypt for

a further 50 h. The averaged results outlining the number
of cells in the crypt are presented in Fig. 4.
For both uniform drag of η = 1 and the new drag
function, η = η(NC , CA ), the number of cells increases
more rapidly in the Tan model (solid line) than in the
VL model (dashed line) as γ decreases (i.e. the level of
mutation increases), and the proliferative height reaches
Table 1 Drag Function Parameter Values
αTan

697.82302

βTan

14.45674

αVL

98.84798

βVL

3.98617
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Fig. 3 Drag functions. Drag as a function of the level of complex in the cytosol/membrane (CA in the VL model and NC in the Tan model). The lower
γ , the higher the drag. I.e. for mutant cells the amount of complex in the cytosol/membrane increases, as seen in Fig. 8, and we assume that this
increases the drag. Also when the Wnt signal is higher, the drag will be higher for γ  = 0 (as the amount of complex is higher). Arrows are drawn in
the direction of increasing γ . The cases are shown for γ = 0 − 1 in increments of 0.1 (γ = 0 is red, γ = 1 is blue)

full crypt height more quickly (which means the crypt is
completely populated with proliferative cells). Since our
new drag function, η = η(NC , CA ), can increase the drag
of cells in the crypt based on a cell’s expression of adhesion complexes, the number of cells in the crypt increases
drastically for these simulations. As the number of cells
increases the average size of a cell is reduced, this is in
line with homogeneous human derived tissue cultures as
seen in [51] where cells with an APC mutation in isolation
are approximately 25% smaller than their non mutated
counterparts.
In Figure 4 a snapshots of single simulations are
included for each model, and we can see that the crypts
become overpopulated with proliferative cells due to
the increased drag caused by increased complex in the
cytosol/membrane. This is due to: i) the proliferative compartment enlarging and ii) the drag coefficient increasing.
Mutations allow cells to persist in the crypt.

To analyse the effect, on the crypt, of mutations in a few
single cells, we start with a crypt in steady state and mutate
patches of cells, in analogue to [37]. The centre of these
mutant patches is given by H0 and we mutate all cells
within a radius of 2 cell diameters (20 μm) and track
their positions over time. Figure 5 top) shows the minimum height of mutant cells in the crypt at varying times
after mutation. We see that as γ decreases, the minimum
mutant height decreases and the mutations are more persistent. As the initial mutation patch height increases to
H0 = 12 cell diameters, the mutations become less persistent for low levels of mutation (γ > 0.3) and the minimum
mutation height increases faster with mutated cells being
sloughed off the crypt during the simulation. However,
we still see cells persisting in the crypt for severe APC
disfunction (γ ≈ 0).

In the bottom of Fig. 5, a few snapshots are shown of
simulations with γ = 0.25, and we see that in both models
the mutant patch grows and moves upwards but is decelerating. However, since γ has a stronger effect in the Tan
model, we see that the mutant patch has grown more in
the crypt with cells of the Tan model. This corresponds
to the results of the number of transcription complexes in
a single cell as shown before in Fig. 8. For γ = 0.25, the
levels of adhesion and transcription complexes in the cell
are relatively higher in the Tan model at lower Wnt levels
than for γ = 0.25 in the VL model, hence generating more
adhesion and more transcription higher up the crypt.
Coupling mechanical properties to adhesion complex
allows mutant cells to invade the crypt.

In order to investigate how expression of the APC mutation parameter, γ , influences the invasive properties of
cells, we consider how effective mutant cells are in taking
over the crypt. We start with a crypt at dynamic equilibrium (t = 500h) and mutate a randomly selected fraction
of cells. Subsequently we track cell numbers in the crypt
until all cells in the crypt are either healthy or mutant (or
the mutant cells have caused a large increase in the number of cells in the crypt, as seen in Fig. 4, which we take to
mean that mutant cells have taken over the crypt). Repeating this multiple times for each value of γ , and varying the
initial percentage of mutant cells, allows us to calculate
the probability of mutant cells (with a specific γ ) taking
over the crypt (similar investigations are undertaken, on
different crypt models, in [36]).
Figure 6 shows how the probability of invasion varies as
we change the expression of the APC mutation parameter,
γ . In both models we see that as γ is decreased (i.e. the
level of mutation is increased) the mutant cells become
more effective at invading the crypt. In order to see what
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Fig. 4 Number of cells in the crypt as a function of mutation parameter. Top) Averaged over 100 simulations for constant (η = 1) and variable drag
(Equation (3)). All cells are mutated in a dynamic equilibrium, at time t = 0, the number of cells are counted at t = 50 hours. Dashed lines are with
the VL model and solid line are with the Tan model. Bottom) Snapshots of simulations using the adhesion complex dependent drag functions
defined in Equation (3). (random seed = 0). Proliferative cells are outlined in blue and cell color indicates level of nuclear complex. All cells in the
crypts are mutated at time t = 0h, with parameter γ = 0.5, for both models

Romijn et al. BMC Bioinformatics

(2020) 21:95

Page 8 of 16

Fig. 5 Mutant cells remain in the crypt due to increased adhesion and proliferation. Top) Mutant height plotted at times t = 0, 10, 20, 30, 40, 50h
after mutating cell. The simulations start with a mutant patch of radius 2, and initial centre height H0 . The mutant height is given in cell diameters.
Bottom) Snapshots of simulations with mutant cells at bottom of crypt, H0 = 4. (random seed = 0). Mutated cells are outlined in grey and the cell
color indicates level of drag coefficient, η, applied to the cell (function of adhesion complex). Mutant cells in the crypts are mutated at time t = 0h,
with parameter γ = 0.25, for both models
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Discussion

Fig. 7 Mutant cells maintain cell volume in homogeneous crypts.
Distribution of healthy and mutant cell areas for heterogeneous
crypts from Fig. 6 using the Tan model for cell signalling. Cell age is
measured after 20 hours within 100 crypts initially comprised of an
equal quantity of healthy (γ = 1) and mutated cells (γ = 0.5). The
mean healthy cell area is 0.5725 CD2 , and the mean mutant cell area
is 0.5826 CD2

influence the different components of the model have on
the invasive ability, we rerun this mutant takeover study
for cells with homogeneous mechanical properties (i.e η =
1) in this case we see that there is no advantage from mutation (results not shown here for brevity). Therefore, when
cells have identical mechanical properties mutated cells
no longer have an invasive advantage.
Snapshots for simulations where healthy or mutant cells
takeover the crypt are shown in the bottom of Fig. 6.
For the chosen parameters (γ = 0.9) a crypt initially
comprising an equal number of mutant and healthy cells
is twice as likely to be taken over by mutant cells than
healthy cells. If we used homogeneous drag η = 1
then it would be equally likely to be taken over by either
healthy or mutant cells, which is in agreement with
Mirams et al. [42].
In order to see the effect that mutation has on the
mechanics (in particular deformation) of cells we track
the area of each cell type (healthy γ = 1, and mutant
γ  = 1) in the heterogeneous crypts from the simulations
in Fig. 6. In Figure 7 we present histograms showing the
distribution of cell sizes of healthy (γ = 1) and mutant
(γ = 0) cells after 20 h in a crypt (with Tan Model) initially comprised of equal numbers of healthy and mutant
cells (these are the same simulations as in Fig. 6). We see
that in heterogeneous crypts mutant cells are larger than
healthy cells. This is in contrast to when we have homogeneous crypts, where cells with higher levels of mutation
(i.e lower γ ) are smaller (see Fig 4). These larger mutant
cells are the ones that will persist in the crypt as shown
in Fig. 6.

In this paper we have presented a framework which
enables arbitrary subcellular models to be incorporated
into a multicellular model for crypt dynamics. The framework has been used to study how mutations in subcellular
dynamics manifest at the tissue level. In particular we
have shown how mutations which increase the number
of adhesion complexes increase both the persistence and
invasion power of cells.
We saw that the VL and Tan models exhibit similar
behaviour for all results presented in this paper. This is
due to the fact that while different, both models are representing the same pathway and mechanism of mutation.
This study could be extended to attempt to equate parameters between the models, which would be especially of
interest as the parameters in the Tan model are fitted to
data [46].
In this study, we have modelled both proliferation and
adhesion to depend on Wnt signalling through a subcellular pathway specified by SBML. However, we have
not modelled any feedback mechanisms between the
proliferative ability and mechanical properties of cells.
This framework may readily be extended to incorporate mechanical regulation of proliferation and other
cellular behaviours through other subcellular models.
One such pathway that could be considered is the
YAP/TAZ pathway, a mechanotransductive pathway that
has been to demonstrated to affect β-catenin nucleation within the crypt, in turn affecting the proliferation [52, 53]. This would clearly have an influence on
the emergent effects of the Wnt pathways considered
in this paper. As the notion that cellular behaviours
such as proliferation and differentiation are also regulated by mechanical forces through mechanotransduction
and vice versa [54, 55], multicellular models will need
to be able to incorporate such processes readily and
efficiently.
The approach to modelling the influence of mutations
on cell interactions used here is the one established in Van
Leuweenn et al. [30] and Osborne et al. [37]. This method
assumes that cell attraction and repulsion is affected by
mutation in the same way. Cell repulsion is mainly used
to represent the physical exclusion of two contracting
cells whereas cell attraction represents the interaction of
surface bound adhesion molecules. Therefore, it may be
appropriate to consider the effect of mutation on attraction and repulsion separately and this will form the basis
of a future investigation.

Conclusions
The framework presented in this paper allows any model
for the Wnt pathway that is specified in SBML (or can
be specified in SBML) to be coupled to a multicellular model of the crypt. Using the framework we can see
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Fig. 6 Mutant cells invade the crypt. Top) probability of mutant cells taking over the crypt as a function of initial proportion of mutated cells, for the
VL and Tan models as the mutation parameter γ is varied. results are presented for γ = 0 (red), 0.5, 0.75, 0.9, and 1 (blue) and the arrow is in the
direction of increasing γ Bottom) Snapshots of 2 simulations with 50% mutated cells. In the top simulation healthy cells happen to out compete the
mutant cells, in the bottom simulation mutant cells win. Note, specific simulations were chosen to illustrate the conversion to homogeneous crypts

how subcellular mutations i.e. knockouts or knockdowns,
affect cell level properties and the resultant migration of
cells within epithelial tissues. Specifically, we are able to
specify rate parameters in the subcellular model of individual cells (or groups of cells) and through the multiscale
coupling we see how these mutations affect the movement
of cells. This allows us to show that mutations in APC can
bias neutral drift and cause downward invasion of mutant
cells in the crypt.
Crucially, the framework is freely available under an
open source licence (see “Methods” section). Therefore,
using the tools developed here researchers will be able

to implement arbitrary subcellular reaction networks
in multicellular systems enabling more realistic simulations to be undertaken. While used here to investigate
the efficacy of mutations in the colorectal crypt the
tools developed here can be used for other biological
systems.

Methods
The computational models for the subcellular reactions
in the crypt cells used in this study are the model developed by Van Leeuwen et al. in 2007 [32], and the model
presented by Tan et al. in 2014 [46].
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Transcription of Wnt-target genes:

The Van leeuwen (2007) model of crypt cells

In this section, we outline the original dimensional onecompartment model of β−catenin regulation presented
by Van Leeuwen et al. (2007). It describes the dynamics of
six forms of β-catenin Ci , i = A, c, cT , o, oT , u, destruction
complexes D, axin X, transcription molecules T, adhesion
molecules A, and Wnt target proteins Y. The open form
of β-catenin is described by Co , which can undergo APCmediated degradation by the destruction complex and
APC-independent degradation, bind adhesion molecules,
undergo APC-mediated phosphorylation, and form a
closed form of β-catenin Cc . The APC-mediated degradation of Co and Cc first produces Cu by phosphorylation,
which is subsequently marked for ubiquitination. Both Co
and Cc can bind to transcription molecules to produce CoT
and CcT , respectively. Cc is also degraded independently of
APC. Bound β-catenin to adhesion complexes (i.e. complexes of Co and A) are described by CA , which is also
subject to APC-independent degradation.
APC-mediated degradation of β-catenin:

dD
= γ sD X − d̂D (W ) + d̂Dx (W ) D,
dt
dX
= sX − γ sD X − d̂X (W )X
dt
+d̂Dx (W )D,
pu DCF
dCu
− du Cu ,
=
dt
C F + KD

(4)

(5)
(6)

Cytoplasmic β-catenin:

dCo
= sC + dCA CA + dCT CoT
dt
− (sCA A + sCT T + dC ) Co
p̂c (W )Co
pu DCc
−
−
,
C o + Kc
C F + KD
p̂c (W )Co
dCc
=
+ dCT CcT
dt
C o + Kc
pu DCc
− (sCT T + dC ) Cc −
,
C F + KD

(7)

(8)

E-cadherin-mediated cell-cell adhesion:

dA
= sA + dCA CA − (sCA Co + dA ) A,
dt
dCA
= sCA Co A − dCA CA ,
dt

(9)
(10)

dT
dt
dCoT
dt
dCcT
dt
dY
dt

= sT + dCT CT − (sCT CF + dT )T,

(11)

= sCT Co T − dCT CoT ,

(12)

= sCT Cc T − dCT CcT ,

(13)

=

sY CT
− dY Y ,
C T + KT

(14)

In the above equations, CF = Co + Cc and CT =
CoT +CcT . The synthesis rates of the substrates/complexes
are described by the symbols si , with substrate/complexes
as subscript. The degradation rates are described by di
and d̂i . The symbol p̂c represents the phosphorylation rate
of Co to its closed form Cc . The symbol pu describes the
rate of phosphorylation of Co and Cc by the destruction
complex. Note that there are various saturation coefficients in the model, i.e. KD , Kc and KT . The phosphorylation rates of Co and Cc by the destruction complex
has Michaelis-Menten saturation coefficient KD . The rate
of production of Wnt target proteins Y has MichaelisMenten saturation coefficient KT . Lastly, Kc is the saturation constant for the rate of production of Cc from Co by
phosphorylation.
The Wnt signal, denoted by 0 ≤ W ≤ 1, is
incorporated into the model in four parameters which
are indicated in the model equations by hat symbols.
It is expressed in d̂Dx (W ) = dDx + ξDx W (dissociation
of destruction complexes), d̂D (W ) = dD + ξD W (elimination of active destruction complexes by mechanisms
other than dissociation), and d̂X (W = dX + ξX W (elimination/destabilisation of free axin). Van Leeuwen et al.
[32] consider two hypotheses. Under the first hypothesis,
we have that p̂c (W ) = pc and Wnt does not influence
the formation of closed-form β-catenin Cc from openform β-catenin Co . Under the second hypothesis, Wnt
enhances the production of closed-form β-catenin Cc by
increasing the rate of phosphorylation which converts Co
to Cc . This is expressed by p̂c (W ) = pc + ξc W . For
the purposes of this paper, we selected and worked with
the first hypothesis, i.e. p̂c (W ) = pc but either could
be used.
Following [32], we have introduced a mutation parameters γ . This mutation represents APC disfunction, by multiplying sD by 0 ≤ γ < 1 in Eqs. (4) and (5). This leads to a
reduction in the rate at which new destruction complexes
are formed. Van Leeuwen et al. [32] denote this mutation
as ‘apc1’, but only consider a 50% and 100% reduction in
APC function (i.e. γ = 0.5 and γ = 0, respectively).
The authors also introduce a second mutation which
reflects a mutation in the recognition of β-catenin by
GSK3β, by multiplying pu by 0 ≤ γ < 1 in Eqs. (6)–(8).
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This reduces β-catenin phosphorylation by the destruction complex. Van Leeuwen et al. [32] denote this mutation as ‘mut2’, but only consider a 100% reduction in
phosphorylation. The effect of this second mutation is
very similar to the mutation considered here so we restrict
ourselves to the first mutation.
We denote the set of steady states by
D, X, Cu , Co , Cc , A, CA , T, CoT , CcT , Y . The steady states
of the Van Leeuwen system of ODEs are
D =

X =

γ1 sD sX

,

γ sD d̂D + d̂X d̂D + d̂Dx
D d̂D + d̂dx

(19)

The model equations are as follows:


dBC
W
= Bsynth − kdeg γ 1 −
BC
dt
2
kdiff (BC − BN )
+kRC CC − kFC BC LC −
VC
C
N
BC − kactive BN
k
− active
,
(26)
VC
dBN
= kRN NN − kFN BN LN
dt
kdiffusion (BC − BN )
+
VN
C
N
BC − kactive
BN
k
+ active
,
(27)
VN
dLC
= kRC NC − kFC BC LC ,
(28)
dt
dNC
= −kRC NC + kFC BC LC ,
(29)
dt
dLN
= kRN NN − kFN BN LN ,
(30)
dt
dNN
= −kRN NN + kFN BN LN .
(31)
dt
As in our simulations with the Van Leeuwen model, W
is the level of Wnt and we have introduced a parameter
0 ≤ γ < 1 in Eq. (26) to simulate the effect of mutations
to a cell. Eqs. (28)– (31) lead to the following conditions

(15)

,

(16)

Cu =

pu DCF

,
du CF + KD

(17)

Co =

sC − p̂c − z∗ KC
2z∗


γ sD

+

s2C 1 −

p̂c
sC

−

z∗ KC
sC

2

+ 4sC z∗ KC
,

2z∗

Cc = CF − Co ,
A = sA /dA ,
CA = AsCA Co /(dCA ),
T = sT /dT ,

(18)

(20)

L C + NC = L C T ,

(32)

(21)

L N + NN = L N T ,

(33)

(22)

where LCT and LNT are known constants independent of time. We denote the set of steady states by
BC , BN , LC , LN , NC NN . Solving Eqs. (28) and (32) simultaneously yields

CoT = sCT T Co /(dCT ),

(23)

CcT = CoT Cc /Co ,

(24)

Y =

sY sT sCT CF

,
dY sT sCT CF + dT dCT KT


with CF =

sC −dC KD −pu D
2dC

+

s2C 1−


and z∗ = dC + pu D/ CF + KD .

(25)

dC KD pu D 2
+4sC dC KD )
sC − sC

2dC

The tan (2014) model of crypt cells

The two-compartment model of β−catenin regulation
presented by Tan et al. (2014) considers the dynamics of
free and bound β-catenin in the cytosol-membrane and
nucleus, and free ligands in the cytosol-membrane and
nucleus. Free β-catenin is denoted by B and superscripted
by either C (cytosol-membrane) or N (nucleus). Likewise,
bound β-catenin is denoted by N and superscripted by
either C or N. The free ligands in the nucleus denoted
by LN only consist of transcription molecules, while the
free ligands in the cytosol-membrane denoted by LC only
represent adhesion molecules.

LC =

LCT kRC
kRC

+ kFC BC

LCT kFC BC

, NC =

kRC + kFC BC

.

(34)

Similarly, from Eqs. (30) and (33),
LN =

LNT kRN
kRN + kFN BN

, NN =

LNT kFN BN
kRN + kFN BN

.

(35)

Substituting Eq. (35) into (27),
BN =

C
kdiff + kactive
N
kdiff + kactive

BC .

(36)

Substituting Eqs. (34) and (36) into (26),
BC =

Bsynth

kdeg γ 1 −

W
2

.

(37)

Figure 8 shows the effect of γ on NC (W ) and NN (W ),
where W represents the Wnt level in the cell. Decreasing
γ increases the amount of bound adhesion complexes and
bound transcription complexes.
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Fig. 8 The effect of varying the expression of the APC mutation parameter, γ , on the bound complexes in the nucleus and cytosol-membrane. For
the VL (top) and Tan models (bottom). Arrows are drawn in the direction of increasing γ . Decreasing γ increases the amount of bound complexes
in both the complexes for adhesion and transcription. The cases are shown for γ = 0 − 1 in increments of 0.1 (γ = 0 is red, γ = 1 is blue)

The effect of aPC mutation on models of crypt cells

Using the parameter values described in Tables 2 and 3,
we can analyse the effect of mutations on the steady states
for the VL model (given in (15)–(25) and Tan model
(34)–(37)). Figure 8 shows the effect of varying expression
of the APC mutation, γ , on the steady states of the bound
adhesion and transcription complexes in the VL (CA and
CA ) and Tan models (NC and NN ). Decreasing γ leads
to more adhesion and transcription complexes, which in
turn lead to an increased strength in intercellular adhesion
between this cell and its neighbours, and to an increase in
intracellular gene expression of target proteins responsible
for cell-cycle control (and a resulting increase in proliferation and decrease in differentiation). In addition, in the
VL model the results for the ‘apc1’ mutation shown here
and the ‘mut2’ mutation considered in [30] (full results
not shown here for brevity) are similar. Hence, for the
VL model, reducing the rate of formation of destruction
complexes and reducing the rate of β-catenin n by the

destruction complex have similar effects on adhesion and
gene expression and therefore we only consider the ‘apc1’
mutation in this paper.

Table 2 Tan Parameter Values
Bsynth

1.306

kdeg

0.0163

kRC
kFC
kRN
kFN

0.000647

kdiff

39.13

C
kactive

4.5

N
kactive

17.16

VC

1.16

VN

0.65

0.00001
0.00349
0.0001
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Table 3 Van Leeuwen Parameter Values

by incorporating the drag function (Eq. (3)) into the
SBML model and specifying the appropriate threshold for
nuclear β-Catenin for cells to progress through the cell
cycle.
Both the Tan and Van Leeuwen subcellular systems,
represented here as systems of ODES (26)-(31) and (4)(14) respectively, are available as subcellular reaction
networks in SBML (see Supplementary File 1 and 2
respectively).

sA

20

sCA

250

sC

25

sCT

30

sD

100

sT

10

sX

10

sY

10

dA

2

Supplementary information

dCA

350

Supplementary information accompanies this paper at
https://doi.org/10.1186/s12859-020-3391-3.

dC

1

dCT

750

dD

5

dDx

5

dT

0.4

du

50

dX

100

dY

1

KC

200

KD

5

KT

50

pc

0

pu

100

ξD

5

ξDx

5

ξX

200

ξc

0

SBML-Chaste

The multicellular coupling described in this paper is
implemented in a number of new C++ classes and python
scripts which build upon the open source Chaste Library.
SBML models were converted to a subcellular reaction
network model (C++ class compatible with Chaste) which
can be used within these multicellular simulations using a
SBML translator developed for this project. The translator
(written in Python) converts SBML to ODEs defined in
C++. The translator uses libsbml [56] to parse the SBML
and create the ordinary differential equations in the correct form for integration within a multicellular Chaste
simulation.
All code required to run these simulations (including the
SBML to Chaste translator) is available, along with user
tutorials, under an open source licence at https://github.
com/jmosborne/SBMLChaste.
Other SBML subcellular models of the Wnt pathway
could be incorporated in the framework. This is done

Additional file 1: Supplementary Movie 1. Video of simulation from
Fig. 4. Snapshots from this movie are shown in Fig. 4.
SupplementaryMovie1.mp4 or https://youtu.be/6scKT_JdUng.
Additional file 2: Supplementary Movie 2. Video of simulation from
Fig. 5. Snapshots from this movie are shown in Fig. 5.
SupplementaryMovie2.mp4 or https://youtu.be/cd7kuL0tPOg.
Additional file 3: Supplementary Movie 3. Video of simulation from
Fig. 6. Snapshots from this movie are shown in Fig. 6.
SupplementaryMovie3.mp4 or https://youtu.be/BVx0AZBlECc
Additional file 4: Supplementary file 1. SBML for the VL model
extended to include variable drag.
Additional file 5: Supplementary file 2. SBML for the Tan model
extended to include mutations and variable drag.
Acknowledgements
We gratefully acknowledge the Chaste development team for support with
SBML integration.
Authors’ contributions
JMO designed and directed the project; LBR, AAA and JMO developed the
computational framework, and ran and analysed simulations; LBR, AAA, CWT
and JMO wrote the paper. All authors read and approved the final manuscript.
Funding
LBR, AAA, and JMO were partially supported by a University of Melbourne Early
Career Researcher grant awarded to JMO.
Availability of data and material
All code required to run the simulations presented in this paper (including the
SBML to Chaste translator) is available, along with user tutorials, under an open
source licence at https://github.com/jmosborne/SBMLChaste.
Ethics approval and consent to participate
Not applicable.
Consent for publication
Not applicable.
Competing interests
The authors declare that they have no competing interests.
Author details
1 School of Mathematics and Statistics, University of Melbourne, Parkville, VIC,
Australia. 2 Wolfson Centre for Mathematical Biology, Mathematical Institute,
University of Oxford, Oxford, UK. 3 Personalised Oncology Division, The Walter
and Eliza Hall Institute of Medical Research, Parkville, VIC, Australia.
4 Department of Medical Biology, University of Melbourne, Parkville, VIC,
Australia. 5 NSF-Simons Center for Multiscale Cell Fate Research, University of
California, Irvine, California, USA. 6 Department of Mathematics, University of
California, Irvine, California, USA.

Romijn et al. BMC Bioinformatics

(2020) 21:95

Received: 28 May 2019 Accepted: 29 January 2020

References
1.

2.

3.

4.

5.

6.

7.

8.

9.

10.
11.

12.

13.

14.

15.
16.
17.

18.

19.

Jemal A, Bray F, Center MM, Ferlay J, Ward E, Forman D. Global cancer
statistics. CA Cancer J Clin. 2011;61(2):69–90. https://doi.org/10.3322/
caac.20107.
Potten CS, Loeffler M. Stem cells: attributes, cycles, spirals, pitfalls and
uncertainties. lessons for and from the crypt. Development. 1990;110(4):
1001–20.
Potten C. S., Booth C., Pritchard D. M. The intestinal epithelial stem cell:
the mucosal governor. Int J Exp Pathol. 1997;78(4):219–243. https://doi.
org/10.1046/j.1365-2613.1997.280362.x.
Wong W-M, Mandir N, Goodlad RA, Wong BCY, Garcia SB, Lam S-K,
Wright NA. Histogenesis of human colorectal adenomas and hyperplastic
polyps: the role of cell proliferation and crypt fission. Gut. 2002;50(2):
212–217. https://doi.org/10.1136/gut.50.2.212.
Fauser JK, Donato RP, Woenig JA, Proctor SJ, Trotta AP, Grover PK,
Howarth GS, Penttila IA, Cummins AG. Wnt blockade with dickkopf
reduces intestinal crypt fission and intestinal growth in infant rats. Journal
of Pediatric Gastroenterology and Nutrition. 2012;55(1):26–31.
Hirata A, Utikal J, Yamashita S, Aoki H, Watanabe A, Yamamoto T, Okano
H, Bardeesy N, Kunisada T, Ushijima T, Hara A, Jaenisch R, Hochedlinger
K, Yamada Y. Dose-dependent roles for canonical wnt signalling in de
novo crypt formation and cell cycle properties of the colonic epithelium.
Development. 2013;140(1):66–75. https://doi.org/10.1242/dev.084103.
Ootani A, Li X, Sangiorgi E, Ho QT, Ueno H, Toda S, Sugihara H,
Fujimoto K, Weissman IL, Capecchi MR, Kuo CJ. Sustained in vitro
intestinal epithelial culture within a wnt-dependent stem cell niche. Nat
Med. 2009;15(6):701–706.
Valizadeh A, Karayiannakis AJ, el-Hariry I, Kmiot W, Pignatelli M. Expression
of e-cadherin-associated molecules (alpha-, beta-, and gamma-catenins
and p120) in colorectal polyps. Am J Pathol. 1997;150(6):1977–84.
Wijnhoven BPL, Dinjens WNM, Pignatelli M. E-cadherin-catenin cell-cell
adhesion complex and human cancer. Br J Surg. 2000;87(8):992–1005.
https://doi.org/10.1046/j.1365-2168.2000.01513.x.
Ilyas M, Straub J, Tomlinson IPM, Bodmer WF. Genetic pathways in
colorectal and other cancers. Eur J Cancer. 1999;35(14):1986–2002.
Bondow B. J., Faber M. L., Wojta K. J., Walker E. M., Battle M. A. E-cadherin
is required for intestinal morphogenesis in the mouse. Dev Biol.
2012;371(1):1–12. https://doi.org/10.1016/j.ydbio.2012.06.005.
Schneider MR, Dahlhoff M, Horst D, Hirschi B, Trülzsch K, Müller-Höcker
J, Vogelmann R, Allgäuer M, Gerhard M, Steininger S, Wolf E, Kolligs FT.
A key role for e-cadherin in intestinal homeostasis and paneth cell
maturation. PLOS ONE. 2010;5(12):14325. https://doi.org/10.1371/journal.
pone.0014325.
Christofori G, Semb H. The role of the cell-adhesion molecule e-cadherin
as a tumour-suppressor gene. Trends Biochem Sci. 1999;24(2):73–6.
https://doi.org/10.1016/S0968-0004(98)01343-7.
Frixen UH, Behrens J, Sachs M, Eberle G, Voss B, Warda A, Löchner D,
Birchmeier W. E-cadherin-mediated cell-cell adhesion prevents
invasiveness of human carcinoma cells. J Cell Biol. 1991;113(1):173–185.
https://doi.org/10.1083/jcb.113.1.173.
Clevers H. Wnt/β-catenin signaling in development and disease. Cell.
2006;127:469–80.
Polakis P. Wnt signaling and cancer. Genes Dev. 2000;14(15):1837–1851.
https://doi.org/10.1101/gad.14.15.1837.
Behrens J, Jerchow B-A, Würtele M, Grimm J, Asbrand C, Wirtz R, Kühl
M, Wedlich D, Birchmeier W. Functional interaction of an axin homolog,
conductin, with β-catenin, apc, and gsk3β. Science. 1998;280(5363):
596–9. https://doi.org/10.1126/science.280.5363.596.
Kishida S, Yamamoto H, Ikeda S, Kishida M, Sakamoto I, Koyama S,
Kikuchi A. Axin, a negative regulator of the wnt signaling pathway,
directly interacts with adenomatous polyposis coli and regulates the
stabilization of β-catenin. J Biol Chem. 1998;273(18):10823–6. https://doi.
org/10.1074/jbc.273.18.10823.
Liu C, Li Y, Semenov M, Han C, Baeg G-H, Tan Y, Zhang Z, Lin X, He X.
Control of β-catenin phosphorylation/degradation by a dual-kinase
mechanism. Cell. 2002;108(6):837–47. https://doi.org/10.1016/S00928674(02)00685-2.

Page 15 of 16

20. Aberle H, Bauer A, Stappert J, Kispert A, Kemler R. β-catenin is a target
for the ubiquitin-proteosome pathway. EMBO J. 1997;16:3797–804.
21. Amit S, Hatzubai A, Birman Y, Andersen JS, Ben-Shushan E, Mann M,
Ben-Neriah Y, Alkalay I. Axin-mediated cki phosphorylation of β-catenin
at ser 45: a molecular switch for the wnt pathway. Genes Dev. 2002;16(9):
1066–76. https://doi.org/10.1101/gad.230302.
22. Yanagawa S-i, Matsuda Y, Lee J-S, Matsubayashi H, Sese S, Kadowaki T,
Ishimoto A. Casein kinase i phosphorylates the armadillo protein and
induces its degradation in drosophila. EMBO J. 2002;21(7):1733–42.
23. Behrens J., von Kries J. P., Kuhl M., Bruhn L., Wedlich D., Grosschedl R.,
Birchmeier W. Functional interaction of β-catenin with the transcription
factor lef-1. Nature. 1996;382(6592):638–42.
24. Logan CY, Nusse R. Annual Review of Cell and Developmental Biology.
2004;20(1):781–810. https://doi.org/10.1146/annurev.cellbio.20.010403.
113126.
25. Peifer M, Polakis P. Wnt signaling in oncogenesis and embryogenesis–a
look outside the nucleus. Science. 2000;287(5458):1606–9. https://doi.
org/10.1126/science.287.5458.1606.
26. Ben-Ze’ev A, Geiger B. Differential molecular interactions of β-catenin
and plakoglobin in adhesion, signaling and cancer. Curr Opin Cell Biol.
1998;10(5):629–39. https://doi.org/10.1016/s0955-0674(98)80039-2.
27. Nagafuchi A, Ishihara S, Tsukita S. The roles of catenins in the
cadherin-mediated cell adhesion: functional analysis of
e-cadherin-α-catenin fusion molecules. J Cell Biol. 1994;127(1):235–245.
https://doi.org/10.1083/jcb.127.1.235.
28. Sansom OJ, Reed KR, Hayes AJ, Ireland H, Brinkmann H, Newton IP,
Batlle E, Simon-Assmann P, Clevers H, Nathke IS, Clarke AR, Winton DJ.
Loss of apc in vivo immediately perturbs wnt signaling, differentiation,
and migration. Genes Dev. 2004;18(12):1385–90. https://doi.org/10.1101/
gad.287404.
29. Kershaw S. K., Byrne H. M., Gavaghan D. J., Osborne J. M. IET Syst Biol.
2013;7(3):57–73.
30. Van Leeuwen IM, Mirams G, Walter A, Fletcher A, Murray P, Osborne J,
Varma S, Young S, Cooper J, Doyle B, et al. An integrative computational
model for intestinal tissue renewal. Cell Prolif. 2009;42(5):617–36.
31. Meineke FA, Potten CS, Loeffler M. Cell Prolif. 2001;34(4):253–66.
32. van Leeuwen IM, Byrne HM, Jensen OE, King JR. Elucidating the
interactions between the adhesive and transcriptional functions of
β-catenin in normal and cancerous cells. J Theor Biol. 2007;247(1):77–102.
33. Dunn S-J, Appleton PL, Nelson SA, Näthke IS, Gavaghan DJ, Osborne
JM. A two-dimensional model of the colonic crypt accounting for the role
of the basement membrane and pericryptal fibroblast sheath. PLoS
Comput Biol. 2012;8(5):1002515.
34. Buske P, Galle J, Barker N, Aust G, Clevers H, Loeffler M. A
comprehensive model of the spatio-temporal stem cell and tissue
organisation in the intestinal crypt. PLoS Comput Biol. 2011;7(1):1001045.
35. Dunn S-J, Näthke IS, Osborne JM. Computational models reveal a passive
mechanism for cell migration in the crypt. PLoS One. 2013;8(11):80516.
36. Dunn S-J, Osborne JM, Appleton PL, Näthke I. Combined changes in
wnt signaling response and contact inhibition induce altered
proliferation in radiation-treated intestinal crypts. Mol Biol Cell.
2016;27(11):1863–74. https://doi.org/10.1091/mbc.e15-12-0854.
37. Osborne JM, Walter A, Kershaw S, Mirams G, Fletcher A, Pathmanathan
P, Gavaghan D, Jensen O, Maini P, Byrne H. A hybrid approach to
multi-scale modelling of cancer. Philos Trans R Soc Lond A Math Phys Eng
Sci. 2010;368(1930):5013–28.
38. Osborne JM, Fletcher AG, Pitt-Francis JM, Maini PK, Gavaghan DJ.
Comparing individual-based approaches to modelling the self-organization
of multicellular tissues. PLoS Comput Biol. 2017;13(2):1005387.
39. Loeffler M, Stein R, Wichmann H-E, Potten CS, Kaur P, Chwalinski S.
Intestinal cell proliferation. i. a comprehensive model of steady-state
proliferation in the crypt. Cell Prolif. 1986;19(6):627–645.
40. Osborne JM. Multiscale model of colorectal cancer using the cellular
potts framework. Cancer Informat. 2015;14:19332.
41. Humphries A, Wright NA. Colonic crypt organization and tumorigenesis.
Nat Rev Cancer. 2008;8(6):415.
42. Mirams GR, Fletcher AG, Maini PK, Byrne HM. A theoretical investigation
of the effect of proliferation and adhesion on monoclonal conversion in
the colonic crypt. J Theor Biol. 2012;312:143–56.

Romijn et al. BMC Bioinformatics

(2020) 21:95

43. Pinto D, Gregorieff A, Begthel H, Clevers H. Genes Dev. 2003;17(14):
1709–13.
44. Segditsas S, Tomlinson I. Colorectal cancer and genetic alterations in the
wnt pathway. Oncogene. 2006;25(57):7531.
45. MacLean AL, Rosen Z, Byrne HM, Harrington HA. Parameter-free
methods distinguish wnt pathway models and guide design of
experiments. Proc Nat Acad Sci. 2015;112(9):2652–7.
46. Tan CW, Gardiner BS, Hirokawa Y, Smith DW, Burgess AW. Analysis of
wnt signaling β-catenin spatial dynamics in hek293t cells. BMC Syst Biol.
2014;8(1):44.
47. Kay SK, Harrington HA, Shepherd S, Brennan K, Dale T, Osborne JM,
Gavaghan DJ, Byrne HM. PLoS Comput Biol. 2017;13(2):1005400.
48. Hucka M, Finney A, Sauro HM, Bolouri H, Doyle JC, Kitano H, Arkin AP,
Bornstein BJ, Bray D, Cornish-Bowden A, Dronov S, Ginkel M, Gor V,
Goryanin II, Hedley WJ, Hodgman TC, Hunter PJ, Juty NS, Kasberger JL,
Kremling A, Kummer U, Le Novère N, Loew LM, Lucio D, Mendes P,
Mjolsness ED, Nakayama Y, Nelson MR, Nielsen PF, Sakurada T, Schaff
JC, Shapiro BE, Shimizu TS, Spence HD, Stelling J, Takahashi K, Tomita
M, Wagner J, Wang J. The systems biology markup language (sbml): a
medium for representation and exchange of biochemical network
models. Bioinformatics. 2003;19(4):524–31.
49. Glont M, Nguyen TVN, Graesslin M, Hälke R, Ali R, Schramm J,
Wimalaratne SM, Kothamachu VB, Rodriguez N, Swat MJ, Eils J, Eils R,
Laibe C, Malik-Sheriff RS, Chelliah V, Le Novère N, Hermjakob H.
Biomodels: expanding horizons to include more modelling approaches
and formats. Nucleic Acids Res. 2018;46(D1):1248–53. https://doi.org/10.
1093/nar/gkx1023.
50. Odell GM, Oster G, Alberch P, Burnside B. The mechanical basis of
morphogenesis: I. epithelial folding and invagination. Dev Biol. 1981;85(2):
446–62. https://doi.org/10.1016/0012-1606(81)90276-1.
51. Tan CW, Gardiner BS, Hirokawa Y, Layton MJ, Smith DW, Burgess AW.
Wnt signalling pathway parameters for mammalian cells. PLoS ONE.
2012;7(2):116. https://doi.org/10.1371/journal.pone.0031882.
52. Imajo M, Ebisuya M, Nishida E. Dual role of yap and taz in renewal of the
intestinal epithelium. Nat Cell Biol. 2015;17(1):7.
53. Azzolin L, Panciera T, Soligo S, Enzo E, Bicciato S, Dupont S, Bresolin S,
Frasson C, Basso G, Guzzardo V, et al. Yap/taz incorporation in the
β-catenin destruction complex orchestrates the wnt response. Cell.
2014;158(1):157–70.
54. Dupont S, Morsut L, Aragona M, Enzo E, Giulitti S, Cordenonsi M,
Zanconato F, Le Digabel J, Forcato M, Bicciato S, et al. Role of yap/taz in
mechanotransduction. Nature. 2011;474(7350):179.
55. Dupont S. Role of yap/taz in cell-matrix adhesion-mediated signalling and
mechanotransduction. Exp Cell Res. 2016;343(1):42–53.
56. Bornstein BJ, Keating SM, Jouraku A, Hucka M. Libsbml: an api library for
sbml. Bioinformatics. 2008;24(6):880–81.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Page 16 of 16

